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Table 1 shows the 6 best mean total flying hours results, together with the myopic policy. Observe that the
best case with a time horizon of 11 and that with a horizon of 7 are not significantly different; this indicates
the potential for savings in computation time. In fact, the top 6 results are not significantly different from
each other. While longer time horizons will produce larger optimal objective values for a given parameter set
and random data, simulation results may not significantly differ when compared with shorter time horizons
due to random variation. Additional statistical analysis indicates the length of the time horizon has a greater
influence on the total flying hours than the discount factor.

5. DISCUSSION AND FUTURE WORK

We have developed a new fleet management model for military aircraft that explicitly includes random UM.
The model also includes aircraft flying and scheduled maintenance and can be used to search for policies that
achieve specified objectives. Incorporating UM gives this model much greater fidelity than deterministic
models in the highly dynamic and uncertain environment of military aircraft fleet management.

Future work will explore the use of additional policies, such as stochastic look-ahead policies (Powell, 2014),
to determine which policies best meet fleet objectives. It will also include more comprehensive tests of
policy parameters, such as longer time horizons and representing the discount factor as a continuous variable.
Such extensions may warrant a more thorough treatment using simulation experimental design techniques.
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